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ABSTRACT 

Understanding the determinants of mortality type is central to evidence-based public health, particularly in high-altitude Andean regions 
where demographic, clinical, and health-system factors intersect. This study aimed to identify factors associated with the type of death 
(natural versus violent) in the Puno region, Peru, in 2024, using a parsimonious and statistically robust logit modeling framework. A 
cross-sectional analytical design was applied to the entire population of registered deaths (n = 6,455), of which 3,701 cases with complete 
cause-of-death information were retained for multivariable analysis. Logistic regression models were estimated by maximum likelihood, 
with backward elimination based on likelihood-ratio tests to ensure parsimony and inferential stability. The final multivariable model 
included nine predictors, including clinical causes of death, demographic characteristics, health insurance coverage, place of registration, 
and necropsy status. The model performance was high, with a Nagelkerke R² of 0.658 and a classification accuracy of 98.7%, indicating 
excellent probabilistic discrimination. Odds-ratio estimates showed that primary and tertiary causes of death, male sex, increasing age, 
health insurance type, province, and registration in health facilities significantly increased the probability of natural death. In contrast, 
secondary causes and necropsy were inversely associated. A reduced model that included only the first three causes of death preserved 
strong predictive capacity (Nagelkerke R² = 0.272; accuracy = 97.9%), highlighting the dominant explanatory role of multi-cause 
mortality coding. These findings suggest that high-quality civil registration data, combined with rigorously specified logit models, can 
accurately characterize mortality patterns in high-altitude regions. This study provides actionable epidemiological evidence to support 
mortality surveillance, health-system planning, and risk stratification in the Peruvian Andes and comparable low-resource, high-altitude 
contexts. 
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Introduction   

Mortality patterns constitute a core indicator of population 

health and an essential input for evidence-based public health 

planning. Globally, non-communicable diseases—particularly 

ischemic heart disease, stroke, chronic respiratory diseases, 

cancer, and diabetes—account for the majority of deaths, while 

infectious causes remain highly relevant in low- and middle-

income settings and among vulnerable populations. Recent 

Global Health Estimates confirm that demographic aging, 

epidemiological transition, and unequal exposure to modifiable 

risk factors continue to reshape the distribution of causes of death 

worldwide, with marked regional heterogeneity [1-6]. In Peru, 

mortality reflects this dual burden. National reports indicate that 

diseases of the circulatory system, neoplasms, infectious and 

parasitic diseases, and respiratory conditions dominate mortality 

statistics, with substantial disparities between urban and rural 

areas and across geographic regions. The COVID-19 pandemic 
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further amplified these inequalities, disproportionately affecting 

older adults and populations with limited access to timely health 

care, while reinforcing the role of comorbidities and 

socioeconomic vulnerability in mortality risk [7-12]. 

High-altitude regions introduce additional complexity into 

mortality dynamics. Living under chronic hypobaric hypoxia, as 

in the Andean region of Puno, has been associated with 

distinctive physiological adaptations and disease profiles, 

particularly for respiratory, cardiovascular, and infectious 

conditions [13-18]. Evidence suggests that altitude may modulate 

susceptibility, severity, and outcomes of respiratory diseases, 

including pneumonia and COVID-19, through environmental, 

biological, and health-system pathways. However, empirical, 

population-level analyses explicitly addressing causes and types 

of death in high-altitude Andean settings remain scarce [19-24]. 

From a methodological perspective, logistic regression models 

have become a standard tool for analyzing binary outcomes, such 

as natural versus violent death. Logistic models allow 

simultaneous assessment of multiple demographic, clinical, and 

contextual predictors, yielding interpretable measures of 

association through odds ratios while controlling for confounding 

effects. Their widespread application in epidemiology—from 

hospital mortality prediction to cause-specific death analyses—

demonstrates their robustness for risk stratification and public 

health decision-making [25-29]. 

Despite advances in global and national mortality research, there 

is limited evidence integrating detailed cause-of-death 

information with sociodemographic and contextual variables to 

explain the type of death in high-altitude regions of Peru. 

Addressing this gap is critical to tailoring prevention strategies, 

improving the quality of death certification, and guiding resource 

allocation across geographically and socially diverse settings. 

Therefore, this study aims to identify and quantify factors 

associated with death type (natural versus violent) in the Region 

of Puno in 2024, using a multivariable logit model applied to 

population-level mortality records. By doing so, it contributes 

context-specific evidence to the broader literature on mortality 

determinants in high-altitude Andean populations.  

Materials and Methods 

This study adopted a quantitative, explanatory, and observational 

design with a cross-sectional analytical approach to identify 

factors associated with the type of death (natural versus violent) 

in the Region of Puno, Peru, in 2024. The design is appropriate 

for population-level mortality analyses in which exposure and 

outcome variables are observed simultaneously, and no 

intervention is applied, allowing estimation of associations rather 

than causal effects. 

The study population comprised all registered deaths in the 

Region of Puno in 2024, totaling 6,455 records, obtained from 

official mortality registration systems aligned with the 

International Statistical Classification of Diseases and Related 

Health Problems (ICD-11). Because the analysis used the 

complete universe of registered deaths, no sampling procedure 

was applied, thereby avoiding sampling bias and maximizing 

representativeness at the regional level. Records included 

demographic, geographic, administrative, and medical 

information recorded at the time of death certification by 

authorized health personnel. 

For multivariable modeling, only records with complete 

information on causes of death were eligible. Consequently, 

3,701 records were included in the logistic regression analyses, 

while 2,754 records were excluded due to missing or incomplete 

cause-of-death data. This exclusion criterion was applied to 

ensure the model's internal validity and the accurate 

interpretation of cause-related predictors. 

The dependent variable was the type of death, coded as a binary 

outcome: natural death (reference category) and violent death 

(including homicide, suicide, traffic accidents, occupational 

accidents, and other external causes). This dichotomization is 

consistent with epidemiological and forensic classifications 

commonly used in mortality research. 

The independent variables included 13 predictors derived from 

death certificates and administrative records: (1) first cause of 

death, (2) second cause of death, and (3) third cause of death, 

coded according to ICD-11 categories; (4) type of health 

insurance; (5) sex; (6) age in years; (7) province of death; (8) 

place of death registration (health facility, domicile, or other); 

(9) performance of necropsy (yes/no); (10) ethnicity; (11) 

marital status; (12) educational level; and (13) month of death. 

Categorical variables were incorporated into the models using 

dummy (indicator) variables, with one category designated as the 

reference group in each case, following standard regression 

practices. 

Age was treated as a continuous variable in years, allowing 

estimation of the incremental change in odds associated with 

aging. Causes of death were entered as grouped ICD categories 

to preserve clinical relevance while maintaining statistical 

stability. The primary analytical strategy was binary logistic 

regression, selected because the outcome variable is 

dichotomous and the objective was to estimate the probability of 

natural versus violent death as a function of multiple predictors. 

Logistic regression is widely used in epidemiology for mortality 

modeling due to its ability to handle mixed variable types, 

control for confounding, and produce interpretable odds ratios 

(ORs). 

Logistic regression is a statistical modeling method used to 

analyze and determine the relationship between a categorical 

dependent variable (specifically binary, with two possible 

outcomes, such as yes/no, success/failure, or positive/negative) 

and one or more independent variables, also called predictors. 

These predictors may be quantitative (continuous or discrete) or 

qualitative (categorical). Unlike linear regression, which 

estimates a constant outcome, logistic regression estimates the 

probability that a given event occurs. The model is based on the 

logit (sigmoid) function, which transforms a linear combination 

of predictors into a value bounded between 0 and 1, allowing 

direct probabilistic interpretation of the outcome. 



Huata-Panca et al.: Determinants of mortality type in a high altitude Andean context using a multivariable logit regression model in Puno, 
Peru  

200                                                                   Journal of Advanced Pharmacy Education & Research  | Jul – Sep  2025 | Vol 15 | Issue 3  

Model estimation was performed using the maximum likelihood 

method, which identifies parameter values that maximize the 

likelihood of observing the data given the model. Regression 

coefficients (β) were exponentiated to obtain odds ratios; OR > 

1 indicated increased odds of natural death and OR < 1 indicated 

reduced odds, or, conversely, increased odds of violent death, 

depending on coding. 

Model selection and evaluation 
To obtain a parsimonious and statistically robust model, a 

backward stepwise selection procedure based on the likelihood 

ratio (LR) test was applied. The procedure began with a full 

model including all candidate predictors, followed by sequential 

removal of variables that did not contribute significantly to model 

fit, as assessed by the LR test at each step. This approach is 

recommended for logistic regression when the objective is 

explanatory modeling rather than pure prediction. 

Model performance and goodness-of-fit were evaluated using 

several complementary criteria. The Nagelkerke pseudo-R² was 

used to assess the proportion of variance explained by the model, 

with values above 0.40 interpreted as an excellent fit in 

probabilistic terms. Classification performance was evaluated 

using overall accuracy, defined as the proportion of correctly 

classified cases, with thresholds proposed in multivariate analysis 

literature to characterize model quality. The statistical 

significance of individual predictors was evaluated using the 

Wald test with a two-sided significance level of α = 0.05. 

The study was conducted using secondary, anonymized 

administrative data, with no direct interaction with human 

subjects and no access to personally identifiable information. All 

procedures complied with national regulations on the use of 

public health data for research purposes and adhered to ethical 

principles for epidemiological studies based on routinely 

collected data. Because the analysis involved aggregated and de-

identified records, informed consent was not required. 

Results and Discussion  

The results of this study reveal a clear and consistent set of factors 

associated with the type of death in the Region of Puno during 

2024, highlighting the combined influence of medical, 

demographic, and contextual variables in a high-altitude Andean 

setting. From the total of 6,455 registered deaths, 3,701 records 

with complete cause-of-death information were included in the 

multivariable analysis. Descriptive findings showed that 

mortality in the region was dominated by natural causes, 

particularly acute respiratory infections, respiratory failure, 

septicemia, and cardiovascular conditions, with a marked 

predominance among males and individuals aged 50 years and 

older. These patterns are consistent with national and global 

mortality profiles but exhibit distinct regional features linked to 

altitude, population structure, and access to health services. 

Death course in Puno  
 

 
Figure 1. Leading cause of deaths in the Puno region, Peru – 

2024. 

 

Figure 1 summarizes the distribution of deaths according to the 

first recorded cause of death in the region of Puno during 2024. 

Among the 6,455 registered deaths, acute and chronic conditions 

of the respiratory and cardiovascular systems predominated. 

Acute respiratory infections (ICD-11: J96.0) constituted the 

leading cause, accounting for 11.3% of all deaths, followed by 

unspecified respiratory failure (J96.9) with 8.2%. Septicemia of 

unspecified origin (A41.9) represented 6.8%, highlighting the 

continued relevance of severe infectious processes as direct 

causes of mortality. Cardiovascular causes also showed a 

substantial contribution, particularly unspecified cardiac arrest 

(I46.9; 4.7%) and acute myocardial infarction without further 

specification (I21.9; 4.2%). 

Neurological and circulatory complications such as cerebral 

edema (G93.6; 2.9%), congestive heart failure (I50.0; 2.3%), 

unspecified heart failure (I50.9; 2.3%), cardiogenic shock 

(R57.0; 1.6%), and unspecified cerebrovascular accident (I64.X; 

0.8%) further reinforced the dominance of non-communicable 

diseases in the mortality profile. Conditions related to shock—

septic (R57.2; 2.3%), hypovolemic (R57.1; 2.0%), and 

unspecified shock (R57.9; 0.9%)—were also notable, reflecting 

the severity and late presentation of critical illnesses. Chronic 

kidney disease (N18.9; 1.0%), chronic respiratory failure (J96.1; 

0.8%), essential hypertension (I10.X; 0.8%), and intracranial 

trauma (S06.9; 0.9%) were observed at lower but relevant 

frequencies. 

Collectively, a wide range of other diagnoses accounted for 

27.8% of deaths, indicating substantial heterogeneity in less 

frequent causes, while 14.9% of records lacked specification of 

the first cause of death. Overall, the figure illustrates a mortality 

structure strongly dominated by respiratory infections, septic 

processes, and cardiovascular conditions, consistent with 

international classifications of leading causes of death and the 

epidemiological transition described by the World Health 

Organization [30]. 
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Gender 
 

 
Figura 2. Gender of deaths in the Puno region, Peru – 2024. 

 

Also, Figure 2 describes the distribution of deaths in the Region 

of Puno in 2024 by type of health insurance and sex. Of the 6,455 

registered deaths, a clear predominance was observed among 

individuals affiliated with the Seguro Integral de Salud (SIS), 

which accounted for 78.62% of all cases. This finding reflects the 

strong dependence of the regional population on the public 

health insurance system, particularly among socially and 

economically vulnerable groups. In contrast, affiliation with 

other insurance schemes was minimal; notably, only 0.05% of 

deceased individuals were covered by the Sanidad de la Fuerza 

Aérea del Perú (FAP), underscoring the marginal contribution of 

military or highly specialized insurance systems to the overall 

mortality structure in the region. 

Regarding sex distribution, mortality was slightly higher among 

men, who represented 51.9% of all deaths, compared with 

48.1% among women. Although the difference is modest, this 

pattern is consistent with widely documented sex differentials in 

mortality, where men often exhibit higher mortality risks 

associated with occupational exposure, behavioral factors, and a 

greater prevalence of certain chronic and acute conditions. 

Together, these results highlight the combined influence of 

health-system coverage and demographic characteristics on 

mortality patterns in the Region of Puno in 2024, providing 

important context for interpreting subsequent multivariable 

analyses. 

To estimate the logistic regression model, 3,701 records were 

used from the total of 6,455 registered deaths, as the remaining 

2,754 records lacked information on the cause of death and were 

therefore excluded from the multivariable analysis. The final 

model was obtained after the fifth step of a backward stepwise 

selection procedure based on the likelihood ratio, through which 

only predictors with a statistically significant contribution to the 

model were retained. 

After the fifth processing step, the model achieved a Nagelkerke 

R² of 0.657630, exceeding the 0.40 threshold and indicating an 

excellent probabilistic fit according to McFadden's [17] criteria. 

In addition, the classification table showed an overall accuracy of 

0.98703053, which is considered excellent according to the 

guidelines of Hair et al. [10], reflecting a very high proportion of 

correctly classified cases. The estimated logistic regression model 

is expressed as: 

𝑃(𝑌) = 1/(1 + 𝑒^(−(0,693 + 0,179 𝑋1 

−  0,663 𝑋2 +  0,176 𝑋3 

+  0,551 𝑋4 +  1,135 𝑋5 

+  0,035 𝑋6 +  0,099 𝑋7 

+  1,456 𝑋8 −  1,532 𝑋9)) ) 

(1) 

 

Interpretation of the odds ratios (ORs) indicates that the first 

cause of death increases the odds of natural death by 19.7% (OR 

= 1.197), while the second cause of death reduces the odds of 

natural death (OR = 0.515), thus increasing the likelihood of 

violent death. The third cause of death increases the odds of 

natural death by 19.3% (OR = 1.193). Likewise, type of health 

insurance (OR = 1.736), sex (OR = 3.111), age in years (OR = 

1.036 per additional year), province of death (OR = 1.104), and 

place of death registration (OR = 4.290) all increase the 

probability of natural death. In contrast, the performance of a 

necropsy substantially reduces the odds of natural death (OR = 

0.216), indicating a higher probability of violent death when a 

necropsy is conducted. Overall, the first and third causes of 

death, type of insurance, sex, age, province, and place of 

registration are positively associated with natural death. In 

contrast, the second cause of death and necropsy are inversely 

associated, favoring violent death classification (Table 1). 

Four predictor variables were excluded during the backward 

selection process because they did not contribute significantly to 

the model. In the first step, marital status was removed due to a 

Wald statistic close to zero (0.086) and a non-significant P-value 

(0.769). In the second step, ethnicity was excluded (Wald = 

0.236; P = 0.627). In the third step, the month of death was 

removed (Wald = 0.051; P = 0.358). In the fourth step, 

educational level was eliminated (Wald = 1.878; P = 0.171). 

After the fifth step, only the predictors with a statistically 

significant effect in the logistic model remained, yielding a 

parsimonious and statistically robust specification.

 

Table 1. Interpretation of the odds ratios (ORs). 

Variables B S. Error Wald Sig. OR 

X1: First cause of death 0.179446 0.035 26.359 0 1.196555 

X2: Second cause of death −0.663168 0.158 17.587 0 0.515217 

X3: Third cause of death 0.176109 0.032 30.696 0 1.192569 

X4: Type of health insurance 0.55137 0.162 11.529 0.001 1.73563 

X5: Sex 1.134842 0.399 8.081 0.004 3.110683 

X6: Age (years) 0.035155 0.007 25.75 0 1.03578 

X7: Province of death 0.09867 0.055 3.25 0.071 1.103666 

X8: Place of death registration 1.4563 0.229 40.348 0 4.290125 
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X9: Necropsy −1.5315 0.413 13.748 0 0.216202 

Constant 0.69323 3.314 0.044 0.834 2.000155 

Note: B = logistic regression coefficient; OR = odds ratio; Sig. = significance level (P-value). The dependent variable corresponds to the type of death (natural vs. violent). 

 

The multivariable logistic regression model demonstrated 

excellent explanatory and classification performance, with a 

Nagelkerke pseudo-R² of 0.66 and an overall accuracy exceeding 

98%, indicating intense discrimination between natural and 

violent deaths. The analysis showed that the first and third causes 

of death significantly increased the probability of natural death. 

In contrast, the second cause of death was inversely associated 

with this outcome, suggesting that combinations of underlying 

and contributing causes provide additional information beyond a 

single primary diagnosis. Demographic factors also played a 

relevant role: male sex and increasing age were associated with 

higher odds of natural death, reflecting the cumulative burden of 

chronic and degenerative conditions in older populations. 

A logistic regression model was estimated using three predictive 

variables—first, second, and third causes of death—and a binary 

dependent variable (type of death: natural vs. violent). The 

analysis included 3,701 records with complete information on 

causes of death. The final model was obtained in the first step of 

the backward stepwise selection procedure based on the 

likelihood ratio, as all three predictors were statistically 

significant (Table 2).

 

Table 2. A logistic regression model was estimated using three predictive variables. 

Variables B SE Wald Sig. OR 

X1: First cause of death 0.17699 0.022 65.587 0 1.193619 

X2: Second cause of death −0.276071 0.061 20.324 0 0.758759 

X3: Third cause of death 0.192968 0.018 109.67 0 1.212844 

Constant 3.842189 1.232 9.723 0 46.627427 

 

After estimation using the likelihood-ratio backward method, the 

model achieved a Nagelkerke R² of 0.271823, indicating a good 

probabilistic fit, as it falls within the range of 0.20–0.40 proposed 

by McFadden [17]. The classification table showed an overall 

accuracy of 0.97865442, considered excellent by Hair et al. [10], 

indicating that the model correctly classified nearly 98% of cases. 

The estimated logistic regression equation is: 

𝑌 =
1

1 + 𝑒−(3,842 + 0,177 𝑋1 − 0,276 𝑋2 + 0,193 𝑋3)
 (2) 

 

The odds ratio analysis indicates that the first cause of death 

significantly increases the odds of natural death by 19.4% (OR = 

1.194). Similarly, the third cause of death increases the odds of 

natural death by 21.3% (OR = 1.213), suggesting that 

contributing or underlying medical conditions reinforce the 

classification of deaths as natural. In contrast, the second cause of 

death shows an inverse association (OR = 0.759), reducing the 

odds of natural death and therefore increasing the likelihood of 

violent death classification. Overall, these findings demonstrate 

that even when only cause-of-death variables are considered, the 

logistic model exhibits strong discrimination, underscoring the 

relevance of multiple-cause mortality analysis for understanding 

death patterns in the Puno region. 

Contextual and health-system–related variables further 

contributed to explaining mortality patterns. The type of health 

insurance and the place of death registration, particularly deaths 

recorded in health facilities, were strongly associated with 

natural death, underscoring the role of institutional care and 

formal certification processes. In contrast, the performance of a 

necropsy was associated with lower odds of natural death, 

indicating its greater use in cases of suspected or confirmed 

violent death. Geographic variation by province showed a 

modest but positive association with natural death, reflecting 

territorial differences in health infrastructure and population 

characteristics across the region. 

Overall, these findings contribute robust empirical evidence on 

mortality determinants in a high-altitude Andean context and 

demonstrate the value of logistic regression models that integrate 

multiple causes of death with sociodemographic and 

administrative variables. The results underscore the importance 

of considering not only primary causes but also contributing 

conditions and contextual factors when analyzing mortality, 

providing actionable insights for public health planning, 

mortality surveillance, and improving death certification 

practices in regions such as Puno. 

Conclusion 

This study provides robust empirical evidence on the 

determinants of death type (natural versus violent) in the Region 

of Puno, Peru, in 2024, using population-level mortality data and 

multivariable logistic regression. The findings confirm that 

mortality in this high-altitude Andean context is predominantly 

driven by natural causes, particularly respiratory, infectious, and 

cardiovascular conditions. At the same time, violent deaths 

represent a smaller but clearly differentiated subset. The high 

explanatory power and classification accuracy of the estimated 

models demonstrate the suitability of logistic regression for 
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analyzing mortality patterns in settings characterized by 

demographic, geographic, and health-system heterogeneity. 

The full model shows that multiple dimensions jointly shape the 

probability of natural death. Medical factors, captured through 

the first and third causes of death, substantially increase the 

likelihood of natural death, whereas the second cause of death 

and the performance of a necropsy are inversely associated, 

reflecting their stronger linkage to violent or externally caused 

deaths. Demographic and contextual variables—such as sex, age, 

province of death, type of health insurance, and place of death 

registration—also play a significant role, highlighting the 

importance of considering both biological and institutional 

determinants in mortality analyses. These results underscore the 

value of integrating multiple-cause-of-death information with 

sociodemographic and administrative data to improve the 

interpretability of mortality statistics. 

The reduced model based solely on the first, second, and third 

causes of death further demonstrates that cause-of-death 

information alone has strong discriminatory capacity, achieving 

excellent classification accuracy despite lower explanatory 

power than the full model. This finding supports the relevance of 

multiple-cause mortality approaches in contexts where 

sociodemographic variables may be incomplete or inconsistently 

recorded. From a public health perspective, the results 

emphasize the need to strengthen prevention and early 

management of respiratory and infectious diseases in high-

altitude regions, improve the completeness and quality of death 

certification, and refine forensic and necropsy practices to ensure 

accurate classification of violent deaths. Overall, this study 

contributes context-specific evidence for mortality surveillance 

and health policy planning in the Peruvian Andes and offers a 

methodological framework applicable to other regions with 

similar epidemiological and geographic characteristics. 

Acknowledgments: None 

Conflict of interest: None 

Financial support: VRI–UNAP–FINESI. 

Ethics statement: None 

References 

1. Asociación Mexicana de Industrias de Investigación 

Farmacéutica AC (AMIIF). Estadísticas de salud mundial 

2023 de la OMS [Internet]. 2023. Available from: 

https://amiif.org/estadisticas-de-salud-mundial-2023-de-

la-oms/ 

2. Barbosa C, Restrepo BJ, Álvarez D. Causes of premature 

death in Latin America: an analysis of the Global Burden of 

Disease Study 2019. Int J Public Health. 2022;67:1605823. 

doi:10.3389/ijph.2022.1605823 

3. Bland JM, Altman DG. The odds ratio. BMJ. 

2000;320(7247):1468. doi:10.1136/bmj.320.7247.1468 

4. Centro Nacional de Epidemiología, Prevención y Control 

de Enfermedades. Boletín Epidemiológico del Perú SE 45–

2021 [Internet]. 2021. Available from: 

https://www.dge.gob.pe/epipublic/uploads/boletin/bol

etin_202145_22_173619.pdf 

5. Field A. Discovering statistics using IBM SPSS Statistics. 5th 

ed. London: SAGE Publications; 2018. Available from: 

https://www.scirp.org/reference/referencespapers?refer

enceid=3504991 

6. Flores López MG. Comparación de mortalidad por 

COVID-19 en regiones del Perú desde marzo a septiembre 

del 2020 [thesis]. 2021. Available from: 

https://repositorio.urp.edu.pe/server/api/core/bitstrea

ms/caabbccd-e541-43c6-9bfd-369da1de0c30/content 

7. Murray CJ, Aravkin AY, Zheng P, Abbafati C, Abbas KM, 

Abbasi-Kangevari M, et al. Global burden of 87 risk factors 

in 204 countries and territories, 1990–2019: a systematic 

analysis for the Global Burden of Disease Study 2019. 

Lancet. 2020;396(10258):1223-49. 

8. Ge C, Jiang Z, Long B, Lu Q, He Y. Associations between 

cardiovascular diseases and cancer mortality: Insights from 

a retrospective cohort analysis of NHANES data. BMC 

Public Health. 2024;24(1):1049. doi:10.1186/s12889-

024-18498-7 

9. Carpio-Vargas EE, Torres-Cruz F, Bernedo EG, Judith F, 

Yanqui M, Chaiña HC, et al. Triadic mental quotient and 

lifestyles in university students during pandemic-induced 

confinement. J Adv Pharm Res. 2023;13(3):89. 

doi:10.51847/BDDFEMVCJ1 

10. Hair JF, Black WC, Babin BJ, Anderson RE. Multivariate 

data analysis. 8th ed. Boston: Cengage; 2019. Available 

from: 

https://eli.johogo.com/Class/CCU/SEM/_Multivariate

%20Data%20Analysis_Hair.pdf 

11. Hasani WS, Muhamad NA, Hanis TM, Maamor NH, Chen 

XW, Omar MA, et al. The global estimate of premature 

cardiovascular mortality: a systematic review and meta-

analysis of age-standardized mortality rate. BMC Public 

Health. 2023;23(1):1561. doi:10.1186/s12889-023-

16466-1 

12. Hernández Sampieri R, Fernández Collado C, Baptista 

Lucio P. Metodología de la investigación. 6ª ed. México: 

McGraw-Hill; 2014. Available from: 

https://apiperiodico.jalisco.gob.mx/api/sites/periodicoo

ficial.jalisco.gob.mx/files/metodologia_de_la_investigaci

on_-_roberto_hernandez_sampieri.pdf 

13. Hosmer DW Jr, Lemeshow S, Sturdivant RX. Applied 

logistic regression. 3rd ed. Hoboken: John Wiley & Sons; 

2013. 

14. Jaramillo-Feijoo LE, Galindo-Villardon MP, Real-Cotto JJ, 

González-Rugel JL, Idrovo-Madezco SE. Clúster espacial de 

mortalidad por cáncer de mama en Ecuador. J Health Med 

Sci (Print). 2020:29–36. 



Huata-Panca et al.: Determinants of mortality type in a high altitude Andean context using a multivariable logit regression model in Puno, 
Peru  

204                                                                   Journal of Advanced Pharmacy Education & Research  | Jul – Sep  2025 | Vol 15 | Issue 3  

15. Khuns Y, Deligianni F, Dalton J, Pellicori P, Cleland JG. 

Consensus of state of the art mortality prediction models: 

From all-cause mortality to sudden death prediction. arXiv 

preprint arXiv:2308.16067. 2023. 

16. Marron Barra YK, Bellido Nina KL. Asociación de la 

obesidad con el desarrollo de severidad y mortalidad en 

pacientes infectados con COVID-19 en el Hospital Regional 

Honorio Delgado, Arequipa 2020 [thesis]. 2021. Available 

from: https://repositorio.ucsm.edu.pe/items/7ab61445-

b185-414c-ac17-ef13c486c477 

17. McFadden D. Quantitative methods for analyzing travel 

behavior of individuals: Some recent developments. In: 

Behavioral travel demand modeling. Berkeley: Institute of 

Transportation Studies; 1977. p. 279–318. Available from: 

https://elischolar.library.yale.edu/cowles-discussion-

paper-series/707/ 

18. Ministerio de Salud del Perú. Análisis de las causas de 

mortalidad en el Perú, 1986–2015 [Internet]. 2018. 

Available from: 

https://www.gob.pe/institucion/minsa/informes-

publicaciones/279665-analisis-de-las-causas-de-

mortalidad-en-el-peru-1986-2015 

19. Murray CJL, Aravkin AY, Zheng P, Abbafati C, Abbas KM, 

Abbasi-Kangevari M, et al. Global burden of 369 diseases 

and injuries in 204 countries and territories, 1990–2021: a 

systematic analysis for the Global Burden of Disease Study 

2021. Lancet. 2024;402(10397):263–301. 

doi:10.1016/S0140-6736(23)00931-3 

20. Patton GC, Sznitman S, Koller SH, Santelli JS, Stein A, 

Patton R, et al. Mortality in adolescents and young adults 

globally: a systematic analysis for the Global Burden of 

Disease Study 2021. Lancet Child Adolesc Health. 

2023;7(10):710-23. doi:10.1016/S2352-4642(23)00196-

5 

21. Pun M, Turner R, Strapazzon G, Brugger H, Swenson ER. 

Lower incidence of COVID-19 at high altitude: facts and 

confounders. High Alt Med Biol. 2020;21(3):217-22. 

doi:10.1089/ham.2020.0114 

22. Ramos Zambrano MN. Secuelas en pacientes post 

hospitalizados por COVID-19 y su relación con la calidad de 

vida, Hospital Honorio Delgado Espinosa Arequipa 2021 

[thesis]. 2021. Available from: 

https://repositorio.ucsm.edu.pe/bitstream/handle/20.5

00.12920/11336/70.2745.M.pdf 

23. Romanello M, McGushin A, Di Napoli C, Drummond P, 

Green C, Kennard H, et al. The 2023 report of the Lancet 

Countdown on health and climate change: the imperative 

for a health-centred response in a world facing irreversible 

harms. Lancet. 2023;402(10419):2347-447. 

doi:10.1016/S0140-6736(23)01829-5 

24. Sung H, Ferlay J, Siegel RL, Laversanne M, Soerjomataram 

I, Jemal A, et al. Global burden of cancer and associated risk 

factors in 204 countries and territories, 1980–2021: a 

systematic analysis for the GBD 2021. J Hematol Oncol. 

2024;17:119. doi:10.1186/s13045-024-01640-8 

25. Vidal Senador NAK. Tendencias de morbimortalidad por 

neumonía en peruanos atendidos en establecimientos de 

salud del Ministerio de Salud, periodo 2014–2018 [thesis]. 

Chiclayo: Universidad Católica Santo Toribio de 

Mogrovejo; 2023. Available from: 

https://repositorio.usat.edu.pe/items/b41ad9b3-e4c2-

45ac-9780-c3f572178b95 

26. Wald A. Tests of statistical hypotheses concerning several 

parameters when the number of observations is large. Trans 

Am Math Soc. 1943;54(3):426-82. doi:10.1090/S0002-

9947-1943-0012401-3 

27. Wang H, Li Z, Liu Y, Zhou M, Chen W. Leading causes of 

death among older adults in urban China: a 10-year cohort 

study. Lancet Healthy Longev. 2024;5(2):e98–e108. 

doi:10.1016/S2666-7568(23)00260-1 

28. World Health Organization. WHO reveals leading causes 

of death and disability worldwide: 2000–2019 [Internet]. 

Available from: https://www.who.int/news/item/09-

12-2020-who-reveals-leading-causes-of-death-and-

disability-worldwide-2000-2019 

29. World Health Organization. Global Health Estimates: 

Leading causes of death 2000–2021 [Internet]. 2024. 

Available from: 

https://www.who.int/data/gho/data/themes/mortality-

and-global-health-estimates/ghe-leading-causes-of-death 

30. World Health Organization. International statistical 

classification of diseases and related health problems. 11th 

ed. Geneva: WHO; 2019. Available from: 

https://icd.who.int/ 

 

 


